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# Simulate an ARMA(1,1)

> arma <-arima.sim(n=1000,model=list(ar =0.5, ma
=-0.6))

> print (arma)

> lag.plot (arma, lags = 9, layout = ¢(3,3) )

> par ( mfrow =¢(1,3) )

> tsplot (arma)

> acf (arma, lag.max =40, type =’correlation’ )

> acf (arma, lag.max =40, type ="partial’ )

# Simulate an ARIMA(0,1,1)

> arima <- arima.sim(n=1000,model=list(ndiff=1,

ma = 0.6))

> print (arima)

> lag.plot (arima, lags = 9, layout =¢(3,3) )

> par ( mfrow = c(1,3) )

> tsplot (arima)

> acf (arima, lag.max =150, type =’correlation’ )

> acf (arima, lag.max =150, type =’ partial’ )
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# Simulate a MA(2)

> Ma2 <-arima.sim(n=1000,model=list(ma=c(-0.5,-
0.25)))

> print (Ma2) -

> lag.plot (Ma2, lags = 9, layout = ¢(3,3) )

> par ( mfrow = ¢(1,3) )

> tsplot (Ma2)

> acf (Ma2, lag.max = 40, type ="correlation’ )

> acf (Ma2, lag.max = 40, type ="partial’ )

# Simulate an AR(2)

> Ar2 <- arima.sim(n=1000,model=list(ar=c(-0.5,-
0.25)))

> print (Ar2)

> lag.plot (Ar2, lags=9, layout=c(3,3) )

> par ( mfrow=c(1,3))

> tsplot (Ar2)

> acf ( Ar2, lag.max=40, type="correlation’ )

> acf ( Ar2, lag.max=40, type="partial’ )
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* simulation: X(t)=0.3X(t-1) + 0.4X(t-1)Z(t) + Z(t);

data bilin;
array xx{501} x1-x501;
xx{1}=0;
array zz{501} z1-z501,
zz{1} =0;
dot=2to 501;
zz{t} = normal(856509);,
Xx{t}=0.3xxx{t-1}+0.4sxx {t-1}szz{t-1}+2z{t};
end;
output;
run;
data markov;
set bilin;
file ‘d:\data.txt’;
put x2-x501;
run;
data new;
infile ‘d:\data.txt’;
input x @@;
t+1;
run;
proc gplot;
plot xst/frame vref = 0;
symbol i = join;
run;
proc arima;
identify var = x MINIC;
run;
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data starp;
x1=0.01,
x2=10.02;
dot=1to 500;
z = normal(76574598);
x = 1.8xx1-1.06+x2+(0.02-0.9sx1+0.79+x2) + (1-
exp(-0.3+ (x1-0.02) ++2))+z;
output;
x2=xl;.
x1l =x;
end;
proc gplot;
plot xst /frame ;
symbol i = join;
run;

— Bt s e sl el bzt

* simulation super diagonal : X() = 0.5X(t-2)Z(t-1)
+ Z(1)

option ps = 400;
data bilin; _
array xx{502} x1-x502;
xx{1} =-0.26; xx{2} = 0.26;
array zz{502} z1-z502,;
2z{1} =-0.45264; zz{2} =- 0. 31599
dot=131t0502;
zz{t} = normal(856509);
xx{t} = 0.5:xx{t-2}zz{t-1}+zz{t};
end;
output;
run;
data sup;
set bilin;
file ‘d:\datal.txt’;
put x3-x502;
run;

_data new;

infile ‘d:\datal.txt’;
input x @@;
t+1;
run;
proc gplot;
plot x+t /frame vref = 0;
symbol i = join;
run,
proc arima;
identify var = x MINIC;
run;
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option nodate nonumber ps =300;
data jahan;
warning = ‘HT < (’;
htl =0;
ht2 =0;
epsl =0;
eps2 =0;
do time = 1 to 600;
ht=0.2 + 0.4+epslsepsl+ 0.1seps2+eps2 +
0.3+ht1+ 0.1+ht2;
if ht <0 then put warning = ;
eps=sqrt(abs(ht)) snormal(529);

Y = €ps;
Y2 = ys2;
output;
eps2 = epsl;
epsl =eps;
ht2 = htl;
htl =ht;
end;
run;

pro autoreg data = jahan;

model y =/ noint garch = (p=2,q=2) method = m1
archtest;
model y =/ noint garch = (p=1,g=1) method = uls;
nn;
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proc arima;
identify var = x minic esacf:
run;
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proc arima;
identify var = x minic esacf;
run;
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data ear2; .

x2=0.02;
dot=1to 500;
z=normal(76574598);
X=(0.2+0.4+exp(-0.1sx1442)) ox1+
(0.3+0.5+exp(-0.1sx122)) sx2+7;
output;
x2 =x1;
xl =x;
end;
proc gplot;
plot x+t /frame ;
symbol i = join;
run;
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