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# code of computed accuracy of Logastic Regression for Social Network Ads data set
with a python 3.7 (anoconda 3) Software:

from pandas import read_csv

from sklearn.model_selection import KFold

from sklearn.model_selection import cross_val_score

from sklearn.linear_model import LogisticRegression
df=read_csv(r"C:Desktop\data\Social_Network_Ads.csv")
array=df.values

x=arrayl[:,0:3]

y=arryl[:,3]

kfold=KFold(n_splits=10, random_state=7)
model=LogisticRegression(max_iter=5000,solver="'1bfgs')
results=cross_val_score(model, x, y, cv=10,scoring='accuracy"')

results.mean()

# code of computed accuracy of CART for Social Network Ads data set
from pandas import read_csv

from sklearn.model_selection import KFold

from sklearn.model_selection import cross_val_score
a=read_csv(r"C:Desktop\data\Social_Network_Ads.csv")

array=a.values

x=arrayl[:,0:3]

y=arryl[:,3]

kfold=KFold(n_splits=10, random_state=7)

from sklearn.model_selection import cross_val_score

from sklearn.datasets import make_blobs

from sklearn.tree import DecisionTreeClassifier

cll = DecisionTreeClassifier(max_depth=None, min_samples_split=2, random_state=7)
results=cross_val_score(model, x, y, cv=10,scoring='accuracy')

results.mean()

# code of computed accuracy of Bagging CART for Social Network Ads data set
from pandas import read_csv

from sklearn.model_selection import KFold

from sklearn.model_selection import cross_val_score

from sklearn.tree import DecisionTreeClassifier

from sklearn.ensemble import BaggingClassifier
df=read_csv(r"C:Desktop\data\Social_Network_Ads.csv")

array=df.values
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x=arrayl[:,0:3]

y=arrayl[:,3]

kfold=KFold(n_splits=10, random_state=7)

bagging = BaggingClassifier( DecisionTreeClassifier(), max_samples=0.5, max_features=0.5)
results=cross_val_score(bagging, x, y, cv=10,scoring='accuracy')

results.mean()

# code of computed accuracy of Adaboosting CART for Social Network Ads data set
from pandas import read_csv

from sklearn.model_selection import KFold

from sklearn.model_selection import cross_val_score

from sklearn.tree import DecisionTreeClassifier

from sklearn.ensemble import AdaBoostClassifier
df=read_csv(r"C:Desktop\data\Social_Network_Ads.csv")

array=df.values

x=arrayl[:,0:3]

y=arryl[:,3]

kfold=KFold(n_splits=10, random_state=7)

boosting = AdaBoostClassifier(DecisionTreeClassifier(),n_estimators=100)
results=cross_val_score(boosing, x, y, cv=10,scoring='accuracy')

results.mean()

# code of computed accuracy of Random Forest for Social Network Ads data set
from pandas import read_csv

from sklearn.model_selection import KFold

from sklearn.model_selection import cross_val_score
a=read_csv(r"C:Desktop\data\Social_Network_Ads.csv")
array=a.values

x=arrayl[:,0:3]

y=arryl[:,3]

kfold=KFold(n_splits=10, random_state=7)

from sklearn.model_selection import cross_val_score

from sklearn.ensemble import RandomForestClassifier

cll = RandomForestClassifier(n_estimators=10, max_depth=None,
min_samples_split=2, random_state=7)
results=cross_val_score(cll, x, y, cv=10,scoring='accuracy')

results.mean()
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Comparison of logistic regression with some machine learning
methods in classifying data

Tayebeh Karami', Muhyiddin Izadi', Mehrdad Niaparast!

Abstract:

One of the most important issues in various sciences is classification. Logistic regression is one of the statistical methods
for data classification in which the distribution of data is supposed to be known. In addition to statistical methods, researchers
are now using other methods to classify data such as machine learning algorithms that do not require the data distribution
to be known. In this paper, logistic regression and some machine learning algorithms including CART, random forest,
Bagging and Boosting of supervising learning are discussed. Using four real data sets and a simulation example, we compare
the performance of the logistic regression with machine learning algorithms in terms of accuracy, sensitivity and precision
measures.

Keywords: Decision Tree, Ensemble Learning, Random Forest and Supervised Learning.
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